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N 8

1—6 2
2
Model K LL AIC BIC aBIC df e (LMR)  ( BLRT)

l-cluster 8  —4623.160 9262.320  9302.138  9276.729 247
2-cluster 17 -4404.598 8843.197  8927.810 8873.815 238 0.751 0.0000  0.0000
3cluster 26 -4351.260 8754.521  8883.930 8801.349 229 0.720 0.0304  0.000 0
dcluster 35  -4332.103 8734.205 8908.410 8797.243 220 0.664 0.0490  0.000 O
S-cluster 44  -4316.303 8720.606  8939.606 8799.854 211 0.688 0.7237  0.0000
6-cluster 53 -4304.134 8714269  8978.065 8809.727 317 0.793  0.0176  0.0857

11K 2:"p<0.1 **p<0.05 ***p<0.01

LL( Log Likelihood) \AIC( Akaike information criteria) . BIC( Bayesian information criteria) . aBIC
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6
ml m2 m3 Y
ml 1 -0.745"" -0.277"" 0.131**%
() 0.000 0.000 0.000
246. 790 -192. 506 -48.077 33. 466
m2 -0.745"* 1 -0.392%" -0.042
( ) 0. 000 0. 000 0.173
-192.506 270. 908 -71.292 -11.112
m3 -0.277"" -0.3927" 1 -0.113""
( ) 0. 000 0. 000 0. 000
-48.077 -71.292 121.919 -20.354
Y 0.131** -0.042 -0.113** 1
() 0.000 0.173 0.000
33. 466 -11.112 -20.354 266. 432
* % 0.01 ( ) o
stata 16. 0 7. 8,
7
corr M1 M2 M3( obs =1 071)
MI( ~) M2( ~) M3( ~)
M1( ) 1.000 0
w2 ) ~0.755 4 1..000 0
M3( ) -0.269 7 -0.3833 1.000 0
( VIF)
estatvif variable VIF 1/VIF
M2 ) 1.17 0. 853 096
M3 ) 2.37 0. 647 182
Mean VIF 6.17
7 M1 ( ) WM2( ) “M3( )
0.8 M1 M3 0.269 7,
VIF o
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1b;
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5% .
9 Logistic
(ml) 0.737%* 1.057** ( )
(m2) — 0.203" 1.057***
(m3) — — 0. 406"
—0.371%* —0.343** —0.343**
-0.151 -0.141 -0.141
0.115 0. 090 0. 090
-0.072 -0.067 -0.067
0.375** 0.369** 0.369**
0.196** 0.218** 0.218**
0. 136 0.127 0.127
0.245" 0.281" 0.281"
0.139" 0. 129 0.129
—0.712%** —0.708*** —0.708***
-0.894 -1.225 -1.225
53.8 68.2 68.2
N R 0.05.0.01.0.001.
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B Exp( B) B Exp( B) B Exp( B)
(ml) 0.753** 1. 601 1.072 2.92 — ( )
(m2) — — 0.203 1.224 1.072 2.920
(m3) — — — — 0. 405 1. 499
-0.358*" 0. 535 -0.330 0.719 -0.330%" 0.719
-0.154 0. 700 -0. 144 0. 865 -0. 144 0. 865
0.121 0.971 0. 096 1.101 0. 096 1.101
-0. 066 0. 689 -0. 061 0. 941 -0. 061 0. 941
0.380™* 1.072 0.374™* 1. 454 0.374** 1.454
0.194™* 1. 026 0.216** 1.241 0.216** 1.241
0.135 0. 965 0. 126 1.134 0.126 1.134
0.250** 0. 962 0.285° 1.33 0.285" 1.330
0. 140 0.984 0.131 1.139 0.131 1.139
—0.753%** 0. 405 —0.719*** 0. 487 -0.719*** 0. 487

-0.902 -1.232 -1.232

Bk Lk ok ok 0.05.0.01.0.001.
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Disease Shock Intergenerational Interaction and Health Poverty:
An Empirical Survey of Farmers in Nine Counties in
Three Western Provinces
ZHAI Shao-guo DING Yi-zhuo
( School of Public Administration Northwest University Xi’an 710127 China)

Abstract: Rural elderly people face multiple vulnerabilities such as health economy and society and are
prone to return to poverty due to illness. Based on the survey data of 1 070 rural households in nine counties
in the three western provinces this paper explores the relationship between intergenerational economic interac—
tion patterns in the families under the impact of disease and returning to poverty due to illness. The study
found that the intergenerational economic interactions in rural families can be divided into top-down intergener—
ational support two-way intergenerational support and bottom-up intergenerational support model. Three
models are used to alleviate poverty and people’ s returning to poverty due to illness which has a significant
impact. Among them the top-down intergenerational rearing model has a negative impact on alleviating pover—
ty and people” s returning to poverty due to illness. The two-way intergenerational model and the bottom-up in—
tergenerational support model have a positive impact on alleviating poverty and people’ s returning to poverty
due to illness. Therefore through the integration and allocation of economic resources within the family the
economic ability of the elderly to resist disease risks can be improved; through the multiple superposition of
health opportunities in the social network the economic burden of the elderly and children can be alleviated
and the economic ability of poor families can be improved; policy tools for targeted povert alleviation by provi—
ding better medical care can be used to promote the accuracy and effectiveness of the effort.

Key words: disease shock; intergenerational interaction; returning to poverty due to illness



