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The Effect of Social Medical Insurance on Elderly Health

Based on the Counterfactual Estimation of the Propensity Score Matching

YU Da - chuan' DING Jian - ding’
(1. Soctal Security Institute Guangdong University of Finance Guangzhou 510520 China;
2. Department of Sociology HUST Wuhan 430074 China)

Abstract: With the help of Chinese Longitudinal Healthy Longevity Survey ( CLHLS) cross — section data

from 2011 to 2012 and by using the method of propensity score matching this paper tries to evaluate the

effect of social medical insurance on the elderly health. The study? discovers that the implementation of social

medical insurance has promoted the level of elderly health but at a very low degree and not comprehensive.

Social medical insurance significantly improves cognitive function of the elderly but has no obvious effect on

their daily activity ability and self — reported health. The gap between the anticipated goal and the actual effect

still exists. Based on the above findings the paper puts forward policy suggestions such as expanding the cov—

erage of social medical insurance upgrading the insurance level and strengthening the welfare character of —--------

medical insurance.

Key words: social medical insurance; elderly health; propensity score matching method; counterfactual —--------

estimation; CLHLS data



